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1. Introduction

This deliverable describes the work related with the task T.1.2 *“Collection and
generation of datasets”: Support to other tasks by generating train and test data and
associated evaluation methodologies. It includes the selection of appropriate datasets
(images and associated ground-truth) and their generation if required.
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2. Collection and generation of datasets

During the first months of the project, we have collected benchmarks covering
each of the areas of the project. From those commonly used for image
classification tasks that are here used to validate self-supervised approaches to
those encompassing CT scans that are used here to validate state-of-the-art
methods on lung nodule malignancy detection. In the process of selecting
benchmarks, we have prioritized the selection of consolidated datasets that
have been extensively used and studied in previous works.

Among those originally defined for generic image classification, we have used
CIFAR10 [1], CIFAR100 [1], ImageNet [2], VOC2007 [3] and COCO2017 [4] to
validate self-supervised pretext tasks. Furthermore, we have also used more
specific datasets to are alike the previous ones but are focused on a particular
task; hence representing a narrower domain, among these, we have explored
Places205 [5] and Plant Disease [6].

We have also incorporated widely used datasets for the target applications: skin
lesion and lung malignancy assessment that will allow a fair comparison at the
end of the project. ISIC 2017, 2019 and 2020 datasets [7] [8] [9] for skin lesion
analysis and LIDC-IDRI dataset [10] for lung nodule malignancy assessment.

Finally, for studying pretext tasks, we have also included recent datasets of
different modalities to the previous ones, which data distributions are expected
to be far from the rest of the benchmarks: X-Rays [11] and COVID-19 [12].

For all these datasets we have adopted the standard data sets defined and the
validation measures proposed together with the datasets. We have not created
specific datasets for the project as they have not been required to this point.
However, we have cleaned and improved the annotations provided by LIDC-
IDRI [10] by isolating the three-dimensional nodules of the CT scan, and
associating them with their malignancy annotations (see Figure 1 for an
example). In the original dataset, all the nodules of a patient were annotated
together using the same file.
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Figure 1 Isolation of a lung nodule by projecting the bidimensional mask on the 3D CT scan.
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